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Maximizewern R* :=1—|ly—Aw]3/ |lyll

subject to lwllo <s
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R W: supp(w)cX 2 2

Maximizengé{Lm’n} fr2(X) subjectto |X|<s
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EIE [Das-Kempe'11]
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Maximizewern u(w) wu(0)=0

subject to lwllo <s
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Maximizewern U(W) subject to [lwljo <'s

‘ S5 fu(X) 2 max u(w) ZEA
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MaximizeXENé[n] fu(X) subjectto |X|<s
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current solution X optimal solution X*

(2 8a T (w9

v v v
A L

BX*\X I3 k EHER
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PCc2VN3ZEES st {

fis (a, B1, B2)-localizable
A
& D {fXAP)—f(X)} = ak f(X*)— (811 + Bak) f(X)
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(VX,X* C Nofsizeatmosts, EEOEREZHE-IEED P)
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BB (a, B1, B2)-localizable 725
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Maximizewern U(W)

subject to supp(w) € Z

R%E

® u(0)>0
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Maximizewern U(W)
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® u(0)>0

® Qs ={xyllxllo<s, llyllo<s, lIx—yllo <s} ICHEWVT
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HIPRTFE w.r.t. M ¢
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supp(w) BRI MBZESRHABRKILEAHLET

Maximizewerr U(W) subjectto supp(w)e€Z
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‘ fu(X) max  u(w) ZEA
W supp(w)<

Maximizexcn fu(X) subjecttoX €Z

B peP

|P| <t Zi&7cd P

M : . . .
fuis (A'ZZS, ms =L O) localizable with size s and exchange size t
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T [Elenberg-Khanna-Dimakis-Negahban'18]

I [Chen-Feldman-Karbasi'18]
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argmax f,(X \ {a} u {b}) OFHEIZIZEEH LN S
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wX) e argmax u(w)
: X
e

argmaxfy(X \ {b} U {a}), where b € argmin( w®) )i
aeN\X beX

HIFR 9 3 ERZRHEICRE
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argmax f,(X \ {a} u {b}) OFHEIZIZEEH LN S
aeN\X,beX

=> f, DEZELHICHE TS C L TaElk

wX) e argmax u(w)

- R w: supp(w)CX
semi-oblivious N

argmaxfy(X \ {b} U {a}), where b € argmin( w®) )i
aeN\X beX
HIFR T 2 ERZBRICRE

non-oblivious

1 Ms »
argmax | (Tu(w))] - =2
aeN\x,bex (2Ms > 2
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